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Figure 2 : Demonstration of repulsion of charges due to charged rod

Frsfecfmm mdfvar Mugae Tt vie aa Tt aeRels TuEe T A |
T @ (AF Gff FEARMS @ S A GF AR {4 I @3 o4 =g



Belles-Lettre 2024, Vol. 2

OF AT WA FCE | G Fig, 2 (O wiHe Ha @il @3 W@ ge 7 (charged
rod) RGEb F41 TF @A wefba @@ T AAET 9% (charge density) 92 218
(AT GARES O @M 1 @2, 3 It nefba (@R @6 FIe ST WA (similar
charge) FfY, SrEa @ @A fge wefba T “fexa «f a@ ages Fa @
af5te vie (AT YRR e O e | SefeE @Rl 1 endeites wefte dned ez
AR O Gff gAAETE SR e (IF Wed FA |

94 T wefhe @me qre Sidied 9y @b T o3 T4 =7 o7 aft @Lre
Fig.3 @ wi¥s foraq W 293 $f6® | @A (F@R 960 A4 979 AL |

A
high / 'Ai\
_— ~—

low ———eer—

Charge Density

—
-

Position on Rod

S

Figure 3 : Plot of charge density on a charged rod
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Figure 5: Pictorial demonstration of the foal of a generative Al model
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Figure 8 : Strategy of reconstructing image from higher dimensional data distribution by
running the dynamics in reverse order
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Figure 9 : Demonstration of PFGM model in a block diagram.
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Figure 10 : Images generated with a PFGM
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